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The article develops an economic-mathematical model for evaluating the efficiency of paid
customer acquisition by CFD/Forex brokers. It is shown that managing campaigns by CPA and short-
window ROAS distorts profitability assessment, because realised brokerage revenue matures over
several months after the first deposit. The model links acquisition-funnel metrics to the cumulative
discounted contribution margin of a client cohort and defines the payback period and a break-even
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Introduction. Paid digital channels are the principal source of customer-base growth
for brokerage fintech companies, yet the evauation of their efficiency has remained largely
tactical. Campaign management traditionally relies on the cost per acquisition (CPA) and on
the return on ad spend (ROAS) measured over short windows of seven or thirty days. For
CFD/Forex brokersthis practice is particularly misleading. The economic vaue of an acquired
client is not realised at the moment of the first-time deposit (FTD); it accumulates gradually,
through re-deposits and trading activity, over a maturation window that commonly extends
from three to nine months and longer. Decisions to scale or to switch off campaigns, however,
are taken weeks after launch, on signals that capture only the earliest and smallest fraction of
that value.

A further complication isthat brokers operate three distinct revenue layers that are easy
to conflate. Gross deposits measure the money clients transfer in; net deposits subtract
withdrawals; realised brokerage revenue (the spread, commission and financing income that
actually reaches the broker’s profit and loss account) is a fraction of net deposits and matures
even more slowly. ROAS computed on early net deposits therefore overstates how quickly a
campaign recovers its cost, while ROAS computed on realised revenue over a short window
understates the long-run contribution of slowly maturing cohorts.
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The result is a systematic misallocation of the media budget: campaigns with slow but
high lifetime returns are wrongly classified as unprofitable and switched off, while campaigns
with fast but shallow returns are over-funded.

The root cause is the absence of a formal link between the tactical acquisition metric
and the strategic measure of customer lifetime value (LTV). CPA answers the question “how
much did this client cost”, but it carries no information about when, and whether, that cost is
recovered. What practitioners need is not another reporting metric but a decision rule that
converts CPA into abounded variable: athreshold above which acquisition is not economically
justified given the firm’s tolerance for payback time. This study addresses that need for the
CFD/Forex segment, where the slow maturation of realised revenue makes the temporal
dimension decisive.

The concept of customer lifetime value as a basis for marketing decisions was
formalised by P. Berger and N. Nasr [1], who introduced a discounted cash-flow model of
customer value. S. Gupta, D. Lehmann and J. Stuart [2] demonstrated that the value of the
customer base is a sound basis for firm valuation, and the field later generalised approaches to
LTV modelling [3]. P. Fader, B. Hardie and K. Lee [4] developed probabilistic repeat-purchase
models for customer-base anaysis, while P. Pfeifer and R. Carraway [5] described customer
relationships as a Markov process. W. Reinartz and V. Kumar [6] showed empirically that
relationship characteristics shape profitable lifetime duration, which directly motivates the
retention term used below; the strategies and applied tools of customer-value management are
systematised in [7].

These models were developed mainly for retail and subscription businesses with
comparatively stable cash flows and mature attribution. Three features of CFD/Forex
acquisition are not captured by that literature: the delayed maturation of realised revenue, the
high dispersion of deposit and trading behaviour across clients, and the degradation of
attribution on mobile platforms after the introduction of privacy frameworks. In Ukrainian
scholarship, the evaluation of digital marketing communication efficiency is addressed by O.
Sokhatska and O. Lehkyi [8]; a system of key performance indicators for e-commerce
marketing is proposed by L. Frolova and T. Nosova [9]; and the conceptua foundations of
digital marketing are generalised in the volume edited by M. Oklander [10]. Across these
strands, applied acquisition metrics (CPA, ROAS) and academic LTV models are treated
separately. A formal rule that bounds the allowable acquisition cost by an explicit payback
horizon, and that is calibrated to the slow revenue maturation typical of regulated trading, has
not been proposed.

The unsolved part of the general problem isthe formal transition from the tactical CPA
metric to the strategic LTV-ROAS criterion with explicit account of payback time, adapted to
the revenue dynamics of CFD/Forex brokers. In particular, the literature offers no operational
threshold that translates a firm’s tolerance for payback duration into a maximum acquisition
cost usable in day-to-day media decisions, and no reproducible procedure for classifying
campaigns by that threshold under degraded attribution.

Aim and Objectives. The aim of the article is to develop an economic-mathematical
model for evaluating the efficiency of customer acquisition by CFD/Forex brokers that defines
the payback period and a break-even threshold as a decision rule for media-budget allocation,
and to validate the model on aggregated data from real advertising portfolios.

The tasks are: to formalise the link between funnel metrics and the cumulative
discounted contribution margin of aclient cohort; to derive the maximum alowable CPA from
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an acceptable payback horizon; to test the model empirically and analyse its sensitivity; and to
formul ate an applied decision procedure that accounts for attribution limitations.

Research Methodology. The study applies economic-mathematical modelling to the
unit economics of paid customer acquisition, combining a cohort-based contribution-margin
model with a discounted break-even criterion. The approach proceedsin four steps.

First, the acquisition funnel is formalised as a cost cascade from cost per click to cost
per acquisition, so that the cost of a funded client follows from the channel price and the
conversion rate at each stage.

Second, the value of an acquired client is modelled as a monthly contribution-margin
curve, derived from net deposits and the monetisation rate and weighted by aretention function,
then aggregated into a cumulative discounted margin over a chosen horizon.

Third, a break-even threshold is derived as the maximum allowable acquisition cost,
equal to the discounted margin over the accepted payback horizon, which turns CPA from a
descriptive metric into a constrained decision variable.

The modé is then subjected to sensitivity analysis across the discount rate, the payback
horizon, the retention level and the monetisation rate, and is validated against aggregated,
anonymised data from real CFD/Forex broker advertising portfolios spanning severa markets
in the European Union and the MENA region, with an observation window of four months. All
derived quantities are recomputed and cross-checked for internal consistency; no figure is
reported that cannot be reproduced from the stated parameters or that is not explicitly identified
as observed portfolio data. These data carry the usual limitations of proprietary aggregates: they
are anonymised, pooled across brokers and periods, and intended to illustrate the model rather
than to serve as population estimates.

Presentation and Discussion of the Main Results.

The acquisition funnel and its cost metrics. Paid acquisition of a broker’s client is a
sequence of conversion steps, each with its own cost metric: an impression, a click measured
by the cost per click (CPC), a registration or lead measured by the cost per lead (CPL), an
identity check measured by the cost per K'Y C-approved account (CPK), and afirst-time deposit
measured by the cost per acquisition of afunded client (CPA).

The metrics form a cascade, each obtained by dividing the previous cumulative cost by
the conversion rate of the next stage, so that the cost per funded client is:

CPA = CPC/(CR_lead * CR_kyc x CR_fid) (1)

where CR lead is the click-to-registration conversion, CR kyc is the registration-to-KY C
(identity-verification) pass rate, and CR ftd is the KYC-to-first-deposit conversion. The
intermediate metrics are the cost per lead, CPL = CPC / CR_lead, and the cost per KYC-
approved account, CPK = CPL / CR _kyc, so that CPA = CPK / CR ftd.

Tracking the full cascade rather than CPA alone localises inefficiency: an acceptable
CPL together with an unacceptable CPA pointsto aweak KY C pass rate or to deposit friction
in the lower funnel rather than to media buying. CPA is an input metric driven by media price
and funnel quality, and it says nothing about the value the funded client will generate.

Table 1 gives arepresentative funnel reconciled to the blended CPA of 650 USD used
below.
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Table 1 — Representative acquisition-funnel and value metrics (blended CPA = 650

USD)

Metric Definition / conversion Vdue
CPC (cost per click) — 6.50 USD
CPL (cost per lead) CPC/ CR_lead, CR_lead =20 % 32.50 USD
CPK (cost per KYC) CPL / CR_kyc, CR_kyc =50 % 65.00 USD
CPA (cost per FTD) CPK / CR ftd, CR ftd=10% 650.00 USD
Average first deposit — 500 USD
xit) deposits/ funded client (12 ¥ deposits — X withdrawals 1,263 USD
Monetisation rate, p CBV /ND 2%
Net-deposit ROAS ND / Spend 1.9%
Realised margin (12 mo) 2 my 909 USD
LTV-ROAS (12 mo) LTV /CPA 1.30x
Payback, T* min { T : CM(T) > CPA } ~ 6 mo

Source: calculated by the author on aggregated data from CFD/Forex broker
advertising portfolios.

Beyond cost, the funnel is characterised by value metrics that the model converts into
contribution margin. The central one is net deposits, the cumulative deposits made by a client
less all withdrawals over the horizon:

ND = 2 Deposits — X Withdrawals (2

Realised brokerage revenue, or the Client Brokerage Value (CBV), isthe part of deposit
turnover that reaches the profit and loss account; it is a share of net deposits, captured by the
monetisation rate:

p= CBV/ND 3)

and the efficiency of acquisition expressed in deposit terms is the net-deposit ROAS, total net
deposits over media spend:

ND-ROAS= ND / Spend (4)

For the representative cohort the average first deposit is about 500 USD and net deposits
reach about 1,263 USD per funded client over twelve months. Realised brokerage revenue runs
at about 72 per cent of net deposits (p ~ 0.72), the structural take rate typical of the trading
vertical, where most retail deposits are eventually lost to the market; this yields the twelve-
month realised contribution margin of about 909 USD used below. The implied net-deposit

S Galandzovskyi. Economic-mathematical model for evaluating the efficiency of 29
CFD/Forex broker customer acquisition: From CPA to LTV-ROAS with a break-even
threshold



ISSN 2522-9087  (Print)

Marketing and Digital Technologies Volume 10, No 3, 2026 ISSN 2523-434X (Online)

ROAS is about 1.9 (1,263 / 650): because the take rate is high, comparatively few deposit
dollars are needed to recover the spend.

Contribution margin and the payback period. The value of an acquired client is
generated by realised brokerage revenue, the part of deposit turnover that reaches the broker’s
profit and loss account net of variable servicing costs.

The monthly contribution margin of an average client of an acquisition cohort in month
tis:

m[:ndt Xp XS; (5)

where nd, isthe net deposits per active client in month t, p isthe monetisation rate from (3), and
S; is the share of the cohort still active in month t, that is, the retention or survival function;
equivalently, writing the realised revenue per active client as ARPU; = nd, * p, the margin is
ARPU, x S, revenue per active client times the survival share. The margin profile is hump-
shaped: it rises as new clients ramp their deposits and trading, peaks within the first months,
then declines as the cohort churns. The cumulative discounted contribution margin over a
horizon of T monthsis:

CM(M) = X" m, /(1 + i)' (6)

where i is the monthly discount rate, which reflects both the time value of money and the
elevated risk of revenue concentrated in a small share of high-activity clients. Discounting is
not cosmetic here: with a maturation window of many months, undiscounted sums materialy
overstate present value. The derived quantities are the lifetime value over a horizon H and the
LTV-ROAS indicator:

LTV = CM(H); LTV-ROAS= LTV/CPA ©)

The payback period is the smallest number of months over which the cumulative
discounted margin recovers the acquisition cost:

T*=min { T: CM(T) > CPA } (8)

The payback period, rather than a single-window ROASfigure, isthe natural efficiency
criterion for this business: it answers when the cohort breaks even on realised revenue, and it is
directly comparable to the firm’s financing horizon.

The break-even threshold as a decision rule. The central contribution of the model isto
turn CPA from a descriptive metric into a constrained decision variable. Let T_max be the
maximum payback horizon the firm is willing to accept, determined by its cash cycle, its cost
of capital and its reinvestment policy. Then the maximum allowable acquisition cost is the
cumul ative discounted margin over that horizon:

CPA _max = CM(T_max) 9
Substituting the margin (5) into the cumul ative margin (6) expressesthis ceiling directly

in deposit terms. the maximum allowable acquisition cost equals the monetisation rate times
the discounted retained net deposits over the payback horizon,
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CPA max=p xXnd, S,/ (1 +1i), t<T_max (10)

so that the allowable cost of acquisition is, transparently, the fraction p of the net deposits a
cohort is expected to retain and bring in within the horizon. Raising the monetisation rate,
retention, or the acceptable horizon each relaxes the ceiling, which makes the levers available
to management explicit.

From (9) followsaformal viability rulefor any campaign or ad group: it iseconomically
acceptableif and only if itsactual CPA < CPA_max. Combined with the funnel identity (1), this
converts the financial ceiling into a concrete quality target for the lower funnel: aunitisviable
only if CR lead x CR_kyc x CR_ftd > CPC / CPA_max. In the worked example the bound is
6.50 / 650 = 1.0 per cent end to end, which the funnel of Table 1 meets exactly (0.20 x 0.50 x
0.10 = 1.0 per cent), so the team can read the threshold directly as a conversion target rather
than as an abstract cost. This rule replaces the intuitive switch-off decision (the “kill list”
practice) with a reproducible criterion anchored in unit economics rather than in early ROAS
noise. A second, strategic condition isimposed to ensure long-run sustainability: LTV-ROAS(H)
> k, where the threshold k exceeds unity to cover fixed costs, the target operating margin and
the dilution from blending paid acquisition with organic inflow; in practicek is set in the region
of 1.3to 1.7. The two conditions are complementary: the first governs the timing of recovery,
the second its sufficiency.

Empirical validation. The model is validated on aggregated, anonymised data from real
advertising portfolios of CFD/Forex brokers. The data span several markets in the European
Union and the MENA region; the channels include Google Search, Universal App Campaigns,
Demand Gen, YouTube and Display; the observation period is four months. The empirical
analysis confirms atwo-layer return structure. On the net-deposit layer the first-month return is
about 30 to 45 per cent of spend, and the long-run multiplier reaches 3.2 to 3.8 times over a
maturation window of three to nine months. On the realised brokerage-revenue layer the return
is substantially lower and slower: the seven-day figure is about 0.75 per cent, the thirty-day
figure about 3.93 per cent, and the lifetime figure about 11.5 per cent at the observed maturity.
Thus the thirty-day window understates the eventual realised value observed at this maturity by
nearly threefold, from about 3.9 per cent to about 11.5 per cent. These realised-revenue figures
are shares of spend within the four-month observation window and are still maturing; they are
distinct from the structural monetisation rate, which expresses realised revenue as a share of net
deposits (about 72 per cent over the full relationship), so alow early-window realised ROAS
reflects revenue that has not yet matured rather than alow long-run take rate. The maturation
of thetwo layersis contrasted in Figure 2.

Thisgapistheempirical crux of theargument. A campaign judged on thirty-day realised
ROAS appears to return only a few cents per dollar, yet the same cohorts continue to deposit
and trade well beyond that window. Managing the budget on the short window thus penalises
exactly the slowly maturing, high-value cohorts the broker should protect, and rewards cohorts
that spend quickly and churn. The same data aso show that a meaningful share of ad groups
produce many registrations but no deposits at all, a pattern more consistent with click fraud,
broken know-your-customer flows or tracking failures than with weak creative, which
underlines that the model must be fed clean, deposit-anchored data rather than registration
counts.
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Figure 2 — Maturation of the two return layers: net-deposit ROAS (left, X) and realised
brokerage-revenue ROAS (right, %)
Source: developed by the author on aggregated CFD/Forex broker portfolio data.

At portfolio scale the cost of the short-window heuristic is large. A single audit of one
broker’s account, after excluding low-attribution iOS traffic, identified more than a hundred ad
groups that together had consumed of the order of amillion US dollars while returning little or
no realised revenue, alongside a smaller set of groups whose value was simply maturing too
slowly to register on the windows the team was watching. Both errors flow from the same
source, a missing link between acquisition cost and the time profile of recovery, and the
threshold rule below targets exactly that link, separating ad groups that genuinely fail the unit
economics from those that merely mature slowly.

These ranges differ sharply across markets. Table 2 summarises representative CPA
bands and target payback horizons by GEO tier, compiled from the author’s prior market-
research deliverables; the worked example below takes a GCC-tier cohort, the band within
which the 650 USD figure sits. The payback targets in the table reflect each tier’s own lifetime
value: the six-month GCC target underlies the 650 USD example, while higher-CPA tiers such
asEU Tier-1 arejustified only by correspondingly higher LTV realised over the longer horizon
they accept, which lifts the allowable-cost ceiling in the sense of Table 4.

Table 2 — Representative CPA bands and target payback by GEO tier

GEO tier Typical CPA, USD Target payback, Key economic driver
months

GCC/MENA 400-950 6 Large deposits, high monetisation

EU (Tier-1) 1,200-1,600 9 High LTV, strict ESMA limits

clS 300-600 7 Trust-senditive, language-
fragmented

SEA 350-600 10 B_egl nner market, small deposits,
high churn

LATAM 400-600 8 V olume market, Brazil-led

Source: compiled by the author from prior GEO market-research deliverables for
CFD/Forex brokers.
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For the numerical example arepresentative blended acquisition cost of CPA =650 USD
is taken, together with a hump-shaped monthly contribution-margin profile of realised margin,
adiscount rate of 20 per cent per annum (about 1.53 per cent per month) and a horizon of twelve
months. The monthly dynamics are reported in Table 3.

Table 3 — Payback of arepresentative client cohort (CPA =650 USD, i = 20 %)

Month,t Marginm, USD  Disc.m, USD U™ ag;gc'v' ©, LTV-ROAS
1 116 114.25 114.25 0.18x
2 136 131.93 246.18 0.38x
3 136 129.94 376.12 0.58x
4 119 111.98 483.10 0.75x
5 08 90.83 578.93 0.89x
6 78 71.20 650.14 1.00x
7 62 55.74 705.83 1.09%
8 49 43.39 749.28 1.15x
9 39 34,02 783.29 121
10 31 26.63 809.92 1.25x
11 o5 2115 831.07 1.28x
12 20 16.67 847.74 1.30%

Source: calculated by the author on aggregated data from CFD/Forex broker
advertising portfolios.

The cumulative discounted margin reaches the level of CPA at the sixth month, so the
representative cohort pays back at exactly the six-month horizon, sitting precisely at the
maximum allowable CPA for that horizon. Lifetime value over twelve months is about 848
USD, giving LTV-ROAS(12) of about 1.30 times: the cohort is comfortably profitable once the
full maturation is counted, even though a short-window view at month one or two would show
recovery of only about afifth to two fifths of the acquisition cost. A graphical interpretation is
givenin Figure 3.

Sensitivity analysis and campaign classification. The maximum allowable acquisition
cost depends on the payback horizon and the discount rate, and these dependencies are
managerially important because the firm controls the first and is exposed to the second. Table
4 reports CPA_max for combinations of the two parameters.

Table 4 — Maximum allowable CPA_max (USD) by payback horizon and discount rate

T_max, months i=10% i =20% i=30%
6 666 650 636
9 807 783 763
12 876 848 823

Source: calculated by the author.
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Figure 3 — Acquisition payback: cumulative discounted margin versus CPA
Source: developed by the author

Under the base parameters (T_max = 6 months, i = 20 per cent) the maximum allowable
acquisition cost is 650 USD. The representative cohort, whose actual CPA is aso 650 USD,
therefore sits exactly on the threshold: it pays back precisely at the six-month horizon.
Extending the accepted horizon to nine or twelve months raises the bound to 783 or 848 USD,
so afirm willing to wait longer can justify a higher acquisition cost; the discount rate moves
the bound only modestly, by about 14 to 16 USD for each ten percentage points at the six-
month horizon. Sensitivity to retention isfar larger and exactly proportional, since the bound is
linear in the survival function through (10): holding the discount rate at twenty per cent and the
horizon at six months, a twenty-per-cent uniform change in retention scales CPA_max in the
same proportion, to about 520 or 780 USD. The monetisation rate is an equally direct lever:
because CPA_max is proportiona to p in (10), take rates of 60, 72 and 80 per cent map to an
allowable cost of about 542, 650 and 722 USD at the same six-month horizon and discount rate.
M onetisation and retention are therefore the two first-order levers on allowabl e acquisition cost,
well ahead of the discount rate.

The viability rule CPA < CPA_max supports a three-class taxonomy of campaigns and
ad groups. Viable unitsfit within the threshold and may be scaled. Marginal unitssit closeto it
and should be optimised on the lever with the most headroom, typically funnel conversion or
cost per click, before any budget change. Non-viable units exceed the threshold with no realistic
path to it and are switched off. Because the classification is derived from the cohort’s own
discounted margin, it is reproducible across analysts and auditable after the fact, which is its
main advantage over discretionary kill-list decisions. In practice the marginal class carries most
of theanalytical value, becauseit isthe set of unitswhose verdict can be changed by adeliberate
intervention rather than by simply spending more; routing them to a fixed optimisation cycle,
instead of to an immediate switch-off, preserves cohorts that are one conversion-rate
improvement away from viability (Table5).

Attribution degradation as a limitation. The empirical application of the model is
bounded by attribution quality. On theiOS platform the App Tracking Transparency framework
breaks post-install attribution: in the portfolios analysed, iOS campaigns received about six per
cent of total spend yet were credited with only about 0.1 per cent of first-time deposits and
effectively zero realised revenue.
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Table 5 — Campaign and ad-group classification by the viability rule

Class Condition Action
Viable CPA below CPA_max with marginto spare | Scale the budget
Optimise the highest-headroom lever,
Margina CPA at or near CPA_max funnel conversion or CPC, before any

budget change; do not switch off

CPA above CPA_max with no redlistic path

Non-viable toit

Switch off

Source: developed by the author

This is not evidence of genuine inefficiency but of conversion under-counting, and
treating it as the former would wrongly suppress an entire platform. The model assumes that
the contribution-margin curve is estimated from cohorts with reliable post-conversion
measurement; where measurement is degraded, the inputs to formulas (5) and (6) are biased
downward and both CPA and LTV are mis-stated.

Three measures mitigate the problem. First, iOS and other low-attribution segments
should be evaluated separately, using mobile measurement partner data and aggregated
SKAdNetwork reporting rather than web-side conversion logs. Second, platform modelled
conversions and consent-mode signal s should be reconciled against back-office deposit records,
which remain the ground truth for realised revenue. Third, the discount rate and the retention
curve should be estimated on the cleanest available cohorts and then applied conservatively to
noisier ones. Attribution under-counting is therefore not a reason to reject the model but a
constraint on the data it consumes, and it should be reported alongside any classification
produced by the viability rule.

An applied decision procedure. The model yieldsacompact procedure for media-budget
decisions. First, assemble deposit-anchored cohort data and estimate the monthly contribution-
margin profile, the retention curve and a defensible discount rate. Second, set the acceptable
payback horizon from the firm’s cash cycle and compute the maximum allowable acquisition
cost from formula (9). Third, measure the actual CPA of each campaign and ad group on the
same FTD definition and classify them as viable, marginal or non-viable. Fourth, reallocate the
budget: scale viable units, place marginal units on a defined optimisation cycle, and switch off
non-viable units. Fifth, re-estimate the curves periodically, because retention and margin drift
with product, geography and market regime. Applied this way, the model converts a stream of
noisy short-window signals into a small set of decisions that are anchored in unit economics
and can be defended to finance and to the client.

Conclusions and Directions for Further Research. The proposed economic-
mathematical model links the tactical metrics of the acquisition funnel to the cumulative
discounted contribution margin of a client cohort and formalises the transition from CPA to
LTV-ROAS with explicit account of payback time. Its scientific novelty is the treatment of
CPA as a constrained strategic variable whose upper bound, the maximum allowable CPA,
equals the discounted contribution margin over the firm’s acceptable payback horizon;
campaign viability is decided by the formal rule CP4 < CPA_max, and long-run sufficiency by
the condition LTV-ROAS(H) > k. The model therefore replaces a reporting metric with an
operational decision threshold.
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The empirical results are specific and reproducible. For the representative cohort (CPA
= 650 USD, discount rate 20 per cent, twelve-month horizon) the maximum allowable
acquisition cost is 650 USD at a six-month payback target, so the cohort pays back at exactly
six months and sits on the threshold, and itstwelve-month LTV-ROAS isabout 1.30 times. The
two-layer return structure is confirmed: net-deposit ROAS reaches 3.2 to 3.8 times over three
to nine months, whereas realised brokerage-revenue ROAS rises from about 3.9 per cent at
thirty days to about 11.5 per cent at the observed maturity, so athirty-day window understates
realised value by nearly threefold. The maximum allowable CPA is most sensitive to the
monetisation rate and retention, both of which scale it proportionally; atwenty-per-cent change
in retention movesit from 520 to 780 USD, far wider than the effect of the discount rate within
its plausible bounds.

These results yield three concrete manageria conclusions. First, campaigns should be
judged by the payback rule rather than by short-window ROAS, because the latter
systematically penalises slowly maturing, high-value cohorts. Second, ad groups should be
classified into viable, marginal and non-viable, with the marginal class routed to a defined
optimisation cycle rather than switched off, since it is the set whose verdict an intervention can
change. Third, retention should be treated as the primary controllable lever on alowable
acquisition cost, ahead of bidding tactics, with the monetisation rate an equally strong but
largely structural driver set by product and dealing policy. The same data a so show the cost of
ignoring this discipline: a single portfolio audit surfaced more than a hundred ad groups that
had consumed of the order of amillion US dollars with little or no realised return.

The principal limitation is the model’s dependence on attribution quality, which biases
the estimated margin curve where post-conversion measurement is degraded, as the iOS case
(about six per cent of spend, about 0.1 per cent of attributed first-time deposits, effectively zero
attributed revenue) illustrates. Prospects for further research include integrating probabilistic
retention models such as the BG/NBD and Pareto/NBD families into the estimation of the
contribution curve, treating parameter uncertainty by stochastic simulation, and adapting the
threshold to the regulatory and payment-rail differences of individual markets.
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Exonomiko-mamemamuyna Mmoo0env OUIHIOBAHHA e(eKmueHocmi 3a1y4eHHs
knienmie CFD/Forex-opokepis: 6io CPA 0o LTV-ROAS i3 nopozom 6e33oumxosocmi.

Pospobreno exonomixo-mamemamuyny Mmooenb OYIHIOBAHHA —eeKmUSHOCMI  NAAMHO20
sanyuennsa kaienmie CFD/Forex-opoxepis. [lokazano, wo ynpaeninna xamnauismu sza CPA ma
kopomxogikonnum ROAS cnomeopioe oyinky npubymkosocmi, OCKilbKU peanizoéana OpoKepcbKa
BUPYUKA 003DIBAE NPOMALOM KINbKOX MIicAYi6 nicis nepuiozo denosumy. Moodenb nos’sazye mempuxu
BOPOHKU 3 HAKONUYEHOW OUCKOHMOBAHOIO KOHMPUOYYILIHOI MAPIHCelo KO2OpmuU ma U3HAYAE MepMIH
oKynHocmi U nopie be33doumrosocmi K npasunio piuwtenus: epanuyna oonycmuma CPA Oopisuioe
OUCKOHMOBAHIL MAPIHC 34 NPUTHAMHUL 2OPUSOHM OKYIHOCMI, MOIC KAMNAHIA HCUMMEIOAMHA UULe
3a CPA ne suwe yici meoici. Modenvb anpob0o8aHo Ha azpe208anux OaHUX peaibHux nopmaenie bpokepia;
80HA Oa€ 8IOMBOPIOBAHY NPOYEIYPY piudeHb Wooo Mediabioddicemy.

Kniouosi cnosa: yugposuii mapkemune; niammue sanyuenns knienmie; CFD/ForeX-6pokepu;
CPA; LTV-ROAS; oOosiuna yinnicme xniewma; nepiod oKynHocmi, nopie 0e330umxosocmi; oHim-
eKOHOMIKA.
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